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Motivation Results

Human labels of ‘fit’ and ‘non-fit’ for 10 second
slices. Two sample slices are shown.

'The peg-in-hole problem is solvable in restricted
situations. The goal of this research is to create a
oeneralizable system that fits objects eftectively and
efhiciently using exploratory behaviors and learns to
detect these fit events.
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Dimensionalit

3 blocks X 3 holes X 20 trials = 180 trials
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